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AWD-LSTM 15%  33% 43% 95% 81% 95% 3%
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*1 https://github.com/aozorabunko/aozorabunko
*2 http://www.haiku-data.jp/kigo.php, 7 H 7 HBIEE
*3 https://www.marukobo.com
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#£4 2019 FEDA XY P TOHANIKTT 2 AUC
WED E o RRED E

LSTM 0.60 0.61
GPT-2 0.63 0.64
GPT-2 (4 HZEX ) 0.65 0.65

F£5 2021 FDA XY P TOHANTHT % AUC
aMED E - REEDLE

LSTM 0.52 0.49
GPT-2 0.55 0.54
GPT-2 (+ HZEJH) 0.56 0.55
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